Predicting climate-resilient habitats for Vicia faba L.:
A data-driven approach to enhance multifunctional agroecosystems
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Introduction Research gap Aim
* Legumes are strategic crops for * Climate change may shift the * To assess current and future climatic
sustainable, cllmate-re5|llent agriculture geographic  suitability  of suitability of I/ faba using a robust,
and plant protein supply. I/ faba, making it critical to transferable  species  distribution
. L i ify climaticall itabl deling (SDM h.
.V fabais a protein-rich food/feed legume identify climatically suitable modeling ( ) approac ,&\‘

areas for current and future

that also improves soil fertility through

nitrogen fixation. crop planning.

SDM framework & Results
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s* All analyses conducted in R.
Conclusions M
® The reproducible framework addresses key methodological challenges of applying SDMs to cultivated crops, offering a
transferable foundation for land suitability assessment. [

® Suitability maps and variable importance analyses can inform agricultural planning and /n situ and ex situ conservation
strategies for V. faba.
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